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Parametric Mutual Information and Fast Algorithm
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Abstract: Due to the intensity inhomogeneous in brain MR image, it is difficult for the traditional methods to obtain accurate
segmentation results. In this paper, by using the bias fitting field with Legendre basis, a new parameterize mutual information metric
is firstly proposed,and a unified variational model is proposed for the optimizing of segmentation and bias correction. Finally, we
present a fast algorithm based on split Bregman iteration methods. Comparative results demonstrate that our method can obtain more
accurate segmentation and bias correction results with a faster convergence rate.
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